Uncovering feature significance in Alzheimer’s Disease
via statistics and machine learning
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ANOVA(Feature) — F-Statistic, P-Value PCA Model Other Models Control Model

MRI data is sourced from the Alzheimer’s e
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Regional/PCA: 0 e PCA performed noticeably weaker on AD specific recall
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ANOVA(Region) = Average F-Statistic of Region’s Features — e Recall is the ability of a model to correctly identify all
true positive cases (missing an AD diagnosis is dire)

e |[ndividual weighting had a bigger impact on regional
weighting than PCA did
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Alzheimer’s Mild cognitive Cognitively Weight Application During Training = L L
disease (AD) impairment MCD  normal (CN) e \Weighting features beyond individual weighting
.. ] odel (Example) _ o
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